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2D flow 
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Experiments

• Dataset

• Evaluation metrics
    • CD

• F-Score

• Casual –videos dataset
• AMA dataset
• Animated Objects dataset
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Quantitative results on AMA and Animated Objects
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Reconstruction Results

Compliance to topology changes in optimization. 
• BANMo incorrectly reconstructs a single rear leg of the dog, 

but automatically corrects the topology with gradient updates. 
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Diagnostics (Ablation study)
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Diagnostics (Deformation modeling)
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Reconstruction completeness vs number of input videos and video frames 
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Motion retargeting
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